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Abstract

With the advancement of Text-to-image generation models, it has become possible to generate images that match textual
descriptions. However, there are still factors to consider before applying these models directly to real-world scenarios. This is
particularly important when generating illustrations for story composed of long sentences and multiple chapters, such as novels,
where it is essential to reflect the unique characteristics of the medium. Therefore, this paper proposes a framework for generating
illustrations for story using Text-to-image generation model. The framework leverages large language models to summarize long
sentences and introduces a method to generate multiple illustrations for stories. This method is based on Text-to-image retrieval
from automatically pre-constructed genre-specific datasets and Text-to-image generation that ensure a consistent styles across
generated images. Finally, we conduct both quantitative and qualitative analyses of the proposed framework and existing
Text-to-image generation models, demonstrating that the proposed framework is effective in generating illustrations for stories.
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Table 1. Titles of stories for each genre selected in the experiments
Genre Title
Adventure Aroun.d the World in The Coun.t of Monte The Three Musketeers | The Call of the Wild Twenty Years After
Eighty Days Cristo
Le Morte d'Arthur L The Merry Adventures The Story of the The Wonderful Wizard
Fantasy The Mabinogion . Volsungs
(Volume 1) of Robin Hood of Oz
(Volsunga Saga)
. . L The Strange Case of
Horror Carmilla Dracula Metamorphosis The King in Yellow Dr.Jekyll and Mr.Hyde
Mystery The Moonstone The Mystery of Edwin | The Sgcret Agent: A The Thirty-Nine Steps | The Woman in White
Drood Simple Tale
Romance Kate Vemon: A Tale Kate Vemon: A Tale Only a Girl's Love Star of India Wastralls: A Novel
(Volume 1) (Volume 2)
Science Fiction A Journey to the The island of Doctor The Time Machine The War of the Worlds Twenty Thousand
Centre of the Earth Moreau (Volume 1) Leagues under the Sea
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Table 2. CLIP-G, DINO, and CLIP-T results of existing models and the proposed method

Metric (1) CLIP-G DINO CLIP-T
Genre GLIDE SD SDXL | Ours | GLIDE SD SDXL | Ours | GLIDE SD SDXL | Ours
Adventure 0.195 | 0.188 | 0.197 | 0.215 | 0.155 | 0.386 | 0.379 | 0475 | 0.217 | 0.282 | 0.305 | 0.298
Fantasy 0.198 | 0.205 | 0.217 | 0.231 | 0.124 | 0481 | 0428 | 0612 | 0.212 | 0.284 | 0.311 | 0.308
Horror 0.210 | 0.204 | 0211 | 0224 | 0.182 | 0453 | 0.356 | 0.541 | 0.218 | 0.270 | 0.285 | 0.286
Mystery 0.206 | 0.195 | 0.208 | 0.225 | 0.121 | 0.356 | 0.277 | 0.522 | 0.212 | 0.273 | 0.276 | 0.277
Romance 0.196 | 0.197 | 0.213 | 0.227 | 0.149 | 0.407 | 0.300 | 0.532 | 0.210 | 0.274 | 0.287 | 0.296
Science fiction 0.210 | 0.210 | 0.227 | 0.235 | 0.145 | 0.287 | 0.251 | 0.444 | 0.240 | 0.281 | 0.300 | 0.298
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Adventure Dystopian
Fantasy Horror
Mystery Romance

Science Fiction Thriller
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Fig 3. Samples within the genre-specific image dataset constructed following the proposed method

Ours

T2l 4. “The Story of the Volsungs (Volsunga Saga)’ O|0F7|0i| CHa SDXLZ} Mot HhHoz AASE o|0|X|S
Fig. 4. Images generated by SDXL and the proposed method for the story “The Story of the Volsungs (Volsunga Saga)’



1052 WE3es)=

E 3 F/HNQl ZEZE {70 ME Heh WiHol Ms Hlu

A A299 A6%, 2024 11¥ (JBE Vol.29, No.6, November 2024)

Table 3. Performance comparison of the proposed method with and without additional prompts

Genre Adventure Fantasy Horror Mystery Romance Sfc 'e.nce
iction
_ Ouswo 0.211 0.227 0.220 0.216 0.213 0.231
, illustration style
CLIP-G S
Loouswe 0.215 0.231 0.224 0.225 0.227 0.235
, illustration style
_ Ouswo 0.424 0.562 0.445 0.435 0.484 0.367
DINO , illustration style
. Ousw 0.475 0.612 0.541 0.522 0.532 0.444
, illustration style
. Ouswo 0.294 0.298 0.277 0.276 0.289 0.295
, illustration style
CLIP-T Ours w/
. : , 0.298 0.308 0.286 0.277 0.296 0.298
, illustration style
3] om|e] A#AE Hrlal= A FE3 DINOOIA <) V. $HA|H
Y Zo] AA YehH, ol Tl F7HEQ ZEXE A}
So] AdFAH o|mA] A =S Fr= AL & F T A W2 o|mA] AAE Tl FHPL onAE A
I8 5= 27199 ZEXEE X183 AL T8 g o] & olm| x| 9} FALS 2EFU S FAIGIES dlo] AA
7AL-o vl o d&AH o|uAZ A 753S HojFr) H olu X7} A2E widsly dHH AU S FAE F
FAAOZ F74H TEXET} QS AS 3, 4HA o)) A gk whEbA, ow|X] HA Aol wEl A E= o]n
el 3} 7] olu|X|o s 2WA o] x| 9} G| HAF9 Ao £4 Fo] gk 4 gtk O™ 62 ol i3t dAIE
o|mA| 7} QAT F71H¢ ZEZEE AE-T A9 29 HAZ o]yt ZAE sl 23] fsiAe AL o
A oln| x|} v H]S5:3k o|m|2] 7t AR T A e] B9y 2EHY S FAISTHA AR 9

Ours w/o
“, illustration style”

Ours w/
“, illustration style”

0% 5. kel ZRTE K20 W2 Hok we

T (==l

“Dracula” O[0F7|0]| Chst
Fig. 5. Image generation results for the story “Dracula” using the proposed method with and without additional prompts

0|0|X| A4AY ZA7}

S'o =24



HAR 9 49 A Qe ojopr] Ast MAE $)8F Text-to-image A4 9 &4 AT 1053
(Semin Myeong et al.: A study on the Use of a Text-to-image Generative Model to Generate Consistent Story Illustrations)

Ref image
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Generated Images
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Fig. 6. Image generation results for the story “The Wonderful Wizard of Oz using the proposed method based on reference image
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